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Querying traditional corpora:

W_admin
W_advert
W_biography

DOMAIN FOR WRITTEN CORPUS TEXTS

W_commerce
W_email Imaginative

W_essay_school Informative:

W_essay_univ
W_fict_drama
W_fict_poetry

Informative:

W_fict_prose
W_hansard Informative:
W_institut_doc Informative

W_instructional

< Informative:

W_letters_personal
W_letters_prof
W_misc Select All
W_news_script
W_newsp_brdsht_nat_arts
W_newsp_brdsht_nat_commerce
W_newsp_brdsht_nat_editorial Book

Informative:

Informative:

Informative:

applied science

arts

belief & thought
commerce & finance

leisure

: natural & pure science

social science
world affairs

MEDIUM FOR WRITTEN CORPUS TEXTS

W_newsp_brdsht_nat_misc Miscellaneous: published

W_newsp_brdsht_nat_report
W_newsp_brdsht_nat_science

Miscellaneous: unpublished

{ OF LEEDS



Genres of everyday life
ooe

Querying Web corpora: GICR

BrounTe? CermeHT
Y Kueoit XypHan - Kaccanapa
[B] BKoHTaKTe - Kaccaugpa
HoBocTw - Kaccangpa
3 JKypHanbHeli 3an Kaccarapa

NyCTUTE OcTtaHosBl

Cnos:

8720 MnH.

9820 MnH

851 MnH

313 MIH.

BanaHc KOpnycoB  HopmMupc
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Typologies of genre labels

Brown, LOB, LCMC 500 samples, 2000 words in each, belonging
to 15 genres: A) Press: reportage, B) Press: editorial,
C) Press: Reviews, D) Religion, E) Skill and hobbies,
F) Popular lore, G) Belles-lettres, H) Miscellaneous,
J) Learned, K) Fiction: general, L) Fiction: mystery
and crime, M) SciFi, N) Adventure ...

BNC about 4,000 texts with classification into 70 genres
(ac.med, ac.tech, nonac.tech, ac.socsci, ac.politlaw,
news.brd.nat.art, news.brd.nat.com. ..), medium
(book, periodical, ephemeral. . .), audience. ..

BL for fiction Adventure stories, Detective stories, Picaresque
stories, Robinsonades, Sea stories, Spy stories,
Thrillers, Allegories, Didactic fiction, Fables, Parables,
Alternative histories, Dystopias, Bildungsromane,
Arthurian romances ...
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Abénderungsantrag
Abbestellung
Abbruchgenehmigung
Abdankungserklarung
Abecedarium

Abristungsverhandlungen

Absage
Absatz
Absatzgarantie
Abschiedsbrief

6,500 genres from (Adamzik, 1995)

Adversaria [vor Augen liegende
Kladde mit ungeordneten Kon-
zepten, Notizen]

Agenda [Notizbuch]

Agende [Kirch]

Abendblatt Abschiedsgesprach Agentenroman
Abendgebet Abschiedsrede Agenturbericht
Abendgespréach Abschilderung Agenturmeldung
Abendnachrichten AbschluBarbeit Aqgitpropstiick
Abendprogramm AbschluRbesprechung Ahnenprobe
Abendzeitung AbschluRbilanz Ahnentafel
Abenteuerroman AbschluBgesprach Akkordzettel
Aberkennung AbschluBrechnung Akkreditiv [Beglaubigungsschrei-
Abfahrtsplan AbschluBzeugnis ben eines Diplomaten]
Abfindungserklarung Abschnitt Akquisitionsliste
Abgabebewilligung Abschrift [Anschaffungsliste]
Abgabeordnung AbschuBliste Akte
Abgangsmeldung Abschufplan Aktenband
Abgangszeugnis Abschwérungsformel Aktenfaszikel
Abgeordnetenrede Absichtserklarung Aktenheft

Abgesang [im Meistersang] Absolutorium [Reifezeugnis; Aktennotiz
Abhandlung osterr.: Bestatigung einer Hoch-  Aktenstiick

Abhang [ind. Hymne] schule tiber erbrachte Leistungen] Aktenvermerk
Abhdrverbot Abstammungsklage Aktie
Abiturientenzeugnis Abstammungsnachweis Aktiengesetz

Abiturzeugnis
Abkommen

Abstammungsurkunde

Abstimmungsunterlagen

Akzept [Bank]
Akzessionsliste [Verzeichnis VONIVERSITY OF LEEDS
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Functional Text Dimensions (Sharoff, 2018)

A08 news To what extent does the text provide an informative
report of recent events? (newswires)

A0l argum To what extent does the text try to persuade the
reader? (argumentative blog entries or newspaper
opinion columns)

A17 review To what extent does the text evaluate a specific
entity? (product reviews)

A1l personal To what extent does the text report from a
first-person point of view? (diary-like blog entries)

Rating Levels

0 none; Ignore hesitations

0 slightly; 1

.5 somewhat or partly; | |

1  strongly. Emphasise confident judgements
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Full list of principal FTDs

Code Abbrev  Prototypes

Al argum Argumentative blogs or opinion pieces
A4 fictive Fiction, myths, film plots

A7 instruct  Tutorials or FAQs

A8 news Reporting newswires

A9 legal Laws, contracts, copyrights

All  personal Diary-like blog entries

Al2  promo Adverts

Al3  prop Propaganda

Al4  academ Academic research papers

Al6 info Encyclopedic articles or text books
Al7  eval Reviews of products, locations or performance
A20  appell Small ads, requests
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Training corpus

Data set Documents Words
Training data 1800 2249818
Testing data 140 163923
Total 1940 2413741

FTD Al A4 A7 A8 A9 All
Size 0.14 0.05 0.04 025 0.05 0.12

FTD Al2 Al4 Al6 Al7
Size 0.17 0.1 0.12 0.09
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Features for genre annotation

@ Word features: topics or genres?

e Mixing words and POS (Baroni and Bernardini, 2006)
{It won the SCBWI Golden Kite Award for best nonfiction book of
1999 and has sold about 50,000 copies. }
{it won the PROPN ADJ NOUN NOUN for best NOUN NOUN of
[#] and has sold about [#] NOUN. }

@ Character n-grams generalise well (Sharoff et al., 2010)
{day  =yesterday,Monday, Tuesday,Saturday,Sunday; d by Passive;
sly  Adverbs}

@ N-gram size and capitalisation:
2-5 grams: Hapo — Hapoa, MeXAyHapOoAHbIlA, HapOJHOIN,
HapOAHOCTU, HAPOJHO-OCBODOANTENBHON, KOMMYHAPOB, BCEHaPOAHO
lowercasing: Tonbko KOMMYHUCTbI MOrYT BepHyTb Baacte HAPOV!
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Algorithms

Blackbox of Neural Networks
SVM in the Python scikit-learn library
Choice of kernels:

e rbf (radial basis function)

e poly (polynomial),

e sigmoid,

o linear (+— our choice)

@ Standard classification instead of topology
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Accuracy for categories

Model Al A4 A7 A8 A9 All Al2 Al4 Al6 AlY
5gr-C1 P 0.83 1 1097 1 0.83 1 092 0.78 1

R 0.45 0.67 0.5 0.86 0.86 0.31 0.88 0.92 0.41 0.56
3gr-C10 P 0.79 0.75 1 0.94 0.86 0.38 0.89 0.93 0.53 0.92

R 0.58 1 0.5 0.92 0.86 0.31 0.85 0.93 0.47 0.65
bgr-C10 P 091 0.6 1 0.98 0.86 0.46 1 1 0.8 0.92

R 0.77 105 09086 0.38 0.9 0.93 0.42 0.71
3gr-C100 P 0.75 0.75 1 0.94 0.86 0.33 0.89 0.93 0.56 0.92

R 0.58 1 0.5 0.92 0.86 0.31 0.85 0.93 0.47 0.65
5gr-C100 P 0.86 0.6 1 0.98 0.86 0.46 1 1 0.8 0.92

R 0.73 105 09086 038 09 093 042 0.71
3gr-C10-fs P 0.67 0.75 1 0.93 1 05 0.87 1 0.53 0.92

R 0.55 1 0.5 0.86 0.86 0.31 0.81 1 0.47 0.69
5gr-C10-fs P 0.68 0.5 1 0.95 1 0.36 0.88 0.86 0.53 0.92 g

R 0.59 1 0.5 0.88 0.86 0.25 0.88 1 0.53n@:69 or weeos
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N-gram features per categories

FTD Top features Words

Al  couw, okasa, npud, uTens, COLNANBHOIA, OKasaHus, npu4em, npeacras
Hapo MexxayHapogHoro, boraTcTeBa, nokasaTenu, LoKasaTers

0Ka3a/nCb, NPUHUH, 3aMeCTUTENS, Hapoga

A4  ero, kasan, rnas, , He €ro, CKasas, Ka3asocCb, NOKa3as, HEKOTOPbIE

A7  HcTpy, pobas, dopma, Bac , KOHCTpyKuuu, BODaBUTb, FOA, MHPOPMALINM, XKENAHNE,
ecnu , ecnu, 3anp €Cnu, 3anpoc, MHCTPYMEHTOB, MOPOIA, 3aMpPeLLeHo

A8 abpsi , HOBbI, Ckasa, coobuy, CeHTsiOpsi, HOBbIX, CKa3an, MOCKOBCKUX, COODLeHns, 3
MOCK, SiBUJI OKTSIOpsi, OCHOBBI, MOSIBUINCH

A9  BeTCT, BOMKH, MaTb , CTaTb, AOJIKHbI, COOTBETCTBUM, CTaTby, 3aKas, MPUHUMATb, P
deaep OTBETCTBEHHOCTH, JOJIKHOCTHbIX, (hefepanbHOro,

All wmHoro, netr , CcBOe, HaCc , OKa3aJUCb, MNOSIBUANCb, OCTaNUCb, HaXOAWJUCH, WN3E
nepeg, MCb , * MeHs COBMECTHO

Al2 a3mep , Kpac, OBblA , Ans , KPAaCOTbl, KPacCHbIli, KPaCMBbIA, HOBbIA, MPOAYKLWW,
npog, HakoMm, CTBO KONMNYeCTBO, BONBLINHCTBO

Al4 owna, 3apa, ennii , bonbuw, ) . 33434, PacCMOTPEHUS, OTHOLUEHWMN, peLieHunii, n3me
, pacc, octm , LesATeNbHOCTHN

Al6 Ha4van, u3ma , HHbIA , . B , Havyana, MexaHW3Ma, JaHHbI, NPUHSATb, YeNOBeKa, >Xe

NpuH, BEKa , XKena OpraHn3ma, COBPEMEHHbIN eANHCTBEHHbI I
Al7 xoTs , CMOTP, pa3y , OBCKM, PAaCCMOTPEHUS,  CPa3y, MOCKOBCKUM, unWGHididh teeps
Mano, bes , craTtu, KHUT pa3symeeTcs, baHKOBCKME
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Application of genres to GICR

Segment Al A4 A7 A8 A9 All Al2 Al4 Al6 Al7
LiveJo 39.0 2.0 0.3 9.0 02 420 1.0 0.1 2.0 5.0
mail.ru  52.0 2.0 1.0 0.4 0.0 39.0 1.0 0.0 0.6 4.0
russ.ru  16.0 33.0 0.0 0.3 1.0 240 0.0 6.0 140 5.0
News 40 0.0 0092003 03 02 02 20 04
Vk.com 71.0 4.0 03 1.0 0.1 190 3.0 00 1.0 0.7
GICR 45.0 2.0 0.7 11.0 0.2 30.0 3.0 0.5 2.0 5.0
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Interpretation of results

e Al (argumentative) vs A8 (newswires)

e MultiDimensional Analysis (Biber, 1988)
Past tense verbs, abstract nouns, hedging

Features Al A8
Present tense: 0.03490829 0.02912898
Past tense: 0.01967835 0.03572108
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Comparison to neural methods (Kunilovskaya,

Sharoff, fc)

@ mixed word and POS, BiLSTM, Attention

Model Al A4 A7 A8 A9 All A2 A

5gr-C10-fs P 0.68 0.5 1 095 1 036 083 0
R 0.59 1 05 088 086 0.25 0.88

BiLSTM,Attn AP 0.70 0.73 0.57 0.81 0.76 0.63 0.75

©
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Conclusions

@ Simple character n-grams and SVM can detect genres
@ Linear SVM, 5 grams, C = 10 with feature selection

@ GICR fully annotated to separate at least argumentative from
newslike texts

@ Issues with Personal and Promotion

o Full MDA for Russian to link text-external and text-internal
descriptions

@ Neural networks: promising, but problems with interpretation
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