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Outline

* Previous sentiment analysis evaluation in
Russian and their results
— General sentiment analysis
« Users’ reviews, news quotes

— Entity and aspect-oriented sentiment analysis
» Users’ reviews, Twitter messages

* Future possible tasks and collections



General Sentiment Analysis
2011-2012

e Classification of users’ reviews

— In three domains (movies, books, digital
cameras)

— Three scales (two class, three class, five
class)

* Results

— All best results (in 9 tasks) were achieved with
SVM classifier



General Sentiment Analysis
2012-2013

« New task: classification of news guotes
— Three classes: positive, negative, neutral

— Example: lNocpedcmeom amux cmpykmyp decssmkam
mabicsa4 usbupamerneu ripednazarom O0eHbau 8 0bmMeH
Ha riacriopmedble 0aHHble U rnoorucu 3a Kakoz2o-1ubo
KaHouOama

— Broad scope of topics

 Results

— Best approaches were language-engineering, based
on rules and lexicons

* Repetition of users’ reviews classification task



Entity and Aspect-oriented Sentiment
Analysis (2014-2015)

« Aspect-oriented sentiment analysis of Russian
reviews

 Entity-oriented tweet analysis
— Reputation monitoring
— Banks and telecommunication companies
— Results

 Training and test collections were collected Iin
different time intervals (divided by Ukraine events)

« Approaches were fully based on the training
collections

* not enough for qualitative classification of the test
collection because of data sparsity and time gap.



Entity and Aspect-oriented Sentiment
Analysis (2015-2016)

 Entity-oriented tweet analysis

* The best results were obtained by the neural
network

 Participants combined machine-learning and
lexical resources

- word clusters (word2vec)

- manual lexicon RuSentiLex
http://www.labinform.ru/pub/rusentilex/index.htm

- PMI-based lexicon based on tweets collection
study.mokoron.com

- the crowdsourced lexicon Linis-crowd
http://linis-crowd.org/



http://www.labinform.ru/pub/rusentilex/index.htm
study.mokoron.com
http://linis-crowd.org/

Conclusion on Previous Evaluations

« «Simple» texts are under analysis
— Reviews are usually devoted to a single entity

— Tweets are short, small number of entities are
mentioned

— Not only in Russian Evaluation, also In
English (SemEval)

* Other variants?
— Analytical texts (for example, politics)



Analytical articles

* A lot of named entities (persons, states,
organizations)

— Positive or negative relations between named
entities

— Positive or negative events with the
participation of entities

— The author attitude towards some entities or
absence of attitude

— Combination of all iIssues In the same text
fragment



Example

As Is apparent in Washington, there Is no
place ectivity on the subject of
Russia, Irrespective of facts and events.

(http://www.counterpunch.org/2017/05/26/ukrain
e-and-the-nato-military-alliance/)

Washington is negative to Russia
Author Is negative to Washington
Autor attitude to Russia?


http://www.counterpunch.org/2017/05/26/ukraine-and-the-nato-military-alliance/

OTHOLLEHUS CDJiHnHLpMM n Luﬂeuuw MOXHO CYUTaTb XOPOLLUUMMN.
Beob Bxoamnu e CTpaHbl B COCTaB ogHoOro koponescTtea o 1809
roga. CTpaHbl 00begMHSIET Takke N To, YTO OHM He BxoaaT B HATO,
HO ABNAIOTCSA NapTHepaMu anbsiHca. Kpome T1oro, ®MHNAHANA v
LLiBeuus ykpennaT ABYCTOPOHHEE COTPYAHMYECTBO B 0bnactu

0OOpPOHHI.

HecmoTps Ha Bce 3T0, B xo4e obcyxaeHnn B KyntapaHTe BO3HUKIN

pasHornacus. bblBLUMN MUHUCTP 000poHbIl LLBeunn KapmnH QHCTFpemM—

v
BO3MYTWI1AaCb TEM, YTO I'Ipe3l/ll:leHT q)VIJ-IﬂﬂH,DMI/I BCTpE4aeTCH B

cnegywoulem mecaue ¢ npé%mhemom Poccum B XenbCUHKU. 10

MHEHWIO BTOPOro LUBEACKOro y4acTHMKa guckyccun, Bnagnmupy

NMyTnHy He 6bInKn Obl pagbl B LUBeuum. T




New collection

* Russian translations of political articles in
portal inosmi.ru

* Articles contains a lot of opinions and
attitudes between entities and author’s
attitude towards some entities
— Labeling of single sentences
— Labeling whole texts

— Currently preliminary labeling of 71 whole
texts

— And their sentences



Sentence Labeling

Negative >

- - ORG Negative >
{AUthOI’ Unknown} 1o ero MHEeHUo, Ha caMoM agene uenb EEJ'IOFO ,EI,OMEI npeacsibHoO npocTta, —

Negative >

Negative >

UTOObI 3TU NMPOBUHUWK nepeLwusin nog KOHTPOs/Ib CU/1, COKO3HbIX KOMY YTOAHO (B KpaﬁHEM cnyuvae,

Negative

Negative j LOC|
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TeppopUCTam), HO TONIbKO He JlaMacky u He MOCKBe.

Y

Negative Negative

[PER]  [PER [GEOPOLIT M ILoc/
 (EEEEAe

{Author Unknown} MockBa Wu I'IeKMH ocyausin MHUUMaTUBbI CLLUA no pasMeLLeHNIo Ha tore

Y

Negative

KODEHCKOFO MnoslyoCTpoOBa NPOTUBOPAKETHOIO KOMMMEKCA, KOTOprﬁ AK0oObl NpeAHa3HavyaeTcs ansd

Negative
e

HeRTpan3aunn «PakeTHOM yrposbl» CO CTOPOHbI CeBepHoli Kopeun, nuweT Khorasan (30.04).




Whole Text Labeling

Obama, Acao, neg, current (Obama, Asad, neg, current)

CLUA, UT'UJI, neg, current (USA, ISIL, neg, current)

UpaH, Acaol, pos, current (lran, Asad, pos, current)

CLUA, Upak, neg, past (USA, IRAK, neg, past)

CLUA, AgbeaHucmaH, neg, current (USA, Afganistan, neg, current)
Anonus, CLUA, pos, current (Japan, USA, pos, current)

FOxHasi Kopesi, CLLIA, pos, current (South Korea, USA, pos,
current)

Aecmparnus, CLUA, pos, current (Australia, USA, pos, current)
Heu3eg, Obawma, pos, past (Unknown, Obama, pos, past)
Heu3g, Obama, neqg, current (Unknown, Obama, neg, current)
asemop, Obama, pos, current (Author, Obama,pos, current)



Possible tasks

 For mentioned named entities to detemine
polarity of relations and author attitude

— In a single sentence
— In the whole text

* Interesting issues
— Iteraction between different attitudes,
— Relations vs. Events vs. Author sentiment
— negation, direct speech, anaphora,
— logical inference

— Equivalence of entities relative to attitudes
(Moscow-Russia-Putin)



EI L) /ToneAnalysis/Articles/artl/art1-31

1

Negative >

e
{Author, Unknown} AsaTtonna Ann XameHeW, gaBasi OUeHKY MPaHO-KOPEeUCKMM OTHOLLEHUAM
Negative - >

—_——

B XoZe Bu3uTa B VIPU npe3ngeHTa Pecny6snku Kopes, OTMeTU/1, YTO OHU HUKOUM

- Negative >
\-A—Negative—

obpasomM He OO0/TKHbl CTaBUTLCA B 3aBUCMMOCTb OT C&HKLI,HVI, HaBA3aHHbIX VIpaHy

——Negative
‘—3- [ORG)

—_——— —_———

CLUA, nepenaet Resalat (4.05).




